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ABSTRACT 
This study examines how human-AI (Artificial Intelligence) 

collaboration can address the challenges posed by cognitive 
biases and bounded rationality in Human Resource Management 
(HRM). In today's complex environment, human judgment is 
influenced by factors such as cognitive bias (systematic errors 
in thinking)and bounded rationality, which is the tendency 
to make sat isfactory rather than optimal decisions due to 
cognitive limitations. These issues can compromise the fairness 
and efficiency of HRM processes such as recruitment and 
performance evaluation.

AI offers a solution by enabling objective, data-driven decision-
making. However, AI systems can also reinforce biases present 
in their training data. The paper proposes a framework of "dual 
dynamics" where AI acts as a cognitive partner, not just a tool, 
to enhance human judgment by identifying bias patterns and 
simulating alternative scenarios. This approach integrates AI's 
analytical power with human empathy and ethical reasoning to 
foster more equitable and rational decision-making.

Case studies in human resources analytics il lustrate this 
partnership. In recruitment, companies l ike SoftBank and 
Unilever use AI to reduce bias and increase efficiency in tasks 
such as resume screening and video interviews, while human 
oversight remains for final decisions. In talent development, 
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Coca-Cola uses AI to recommend career paths and learning 
opportunities, helping employees navigate complex decisions. 
The paper concludes that AI's transformative potential in 
HRM hinges on the co-evolution of humans and AI, with each 
leveraging the other's strengths and offsetting their respective 
weaknesses. Future research should explore ways to improve AI's 
understanding of emotional cues and to strengthen human trust 
in AI-driven decision-making.

Key words:
Cognitive Bias, Bounded Rationality, Artificial Intelligence, Human 
Resource Management, Dual Dynamics
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1.  Introduction

Contemporary society is characterized by an overwhelming 
abundance of information and rapid external competit ive 
environmental shifts, resulting in unprecedented complexity in 
both individual decision-making and organizational governance. 
Within this milieu, psychological constructs such as cognitive 
bias and bounded rationality exert profound inf luences on 
human judgment. Cognitive bias refers to systematic deviations 
in information processing, exemplified by phenomena such as 
confirmation bias and loss aversion. Bounded rationality, as 
conceptualized by Herbert Simon, denotes a decision-making 
framework that acknowledges the limitations of human cognition, 
whereby individuals often settle for satisfactory rather than 
optimal solutions when confronted with excessive information 
and alternatives.

These psychological constraints are particularly salient in the 
domain of Human Resource Management (HRM), where they 
may compromise the fairness and efficiency of decisions related 
to recruitment, performance evaluation, and talent development. 
Concurrently, the rapid advancement of Artificial Intelligence 
(AI) presents a promising avenue for mitigating such biases by 
enabling data-driven, objective decision-making. However, AI 
systems are not immune to the biases embedded within their 
training data, and may inadvertently reinforce existing inequities 
(Hall et al., 2022). Thus, the uncritical conceptual framework 
in which AI functions as a cognitive partner rather than 
a mere analytical tool risks obscuring these limitations. 
The hypothesis suggests that AI systems—when designed 
with contextual awareness, transparency, and cultural 
sensitivity—can enhance human judgment by identifying 
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bias patterns, broadening decision frames, and simulating 
alternative scenarios. Within HRM, such capabilities show 
promise for improving talent acquisition, skill development, 
and organizational sound checks. The study further 
explores implications for leadership, governance, and cross-
cultural communication, advocating inclusive and adaptive 
approaches to AI integration.

The deployment of AI may engender novel chal lenges 
including concerns about data privacy and the potential for 
increased social inequality.

This study explores the potential and limitations of human-AI 
co-evolution in addressing these issues. Drawing upon Nonaka’s 
(2024) concept of “dual dynamics”, which advocates integrative 
rather than dichotomous thinking, the paper examines how the 
synthesis of AI’s analytical capabilities with human empathy and 
ethical reasoning may foster more equitable and rational decision-
making within HRM.

2.	 Review of Prior Research

2.1	Theoretical Foundations of Cognitive Bias and Bounded 
Rationality

The constructs of cognitive bias and bounded rationality 
have been extensively examined across various disciplines, 
including psychology, behavioral economics, and decision 
theory. Foundational contributions by Kahneman and Tversky 
(1979), notably their Prospect Theory, elucidated deviations from 
expected utility theory by highlighting systematic biases such 
as loss aversion and anchoring. Their work provided a robust 
framework for understanding how individuals make judgments 
under uncertainty, often relying on heurist ics that lead to 
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predictable errors.
Simon’s (1955) theory of bounded rationality challenged the 

classical economic assumption of perfect rationality, positing that 
individuals operate under cognitive constraints and thus pursue 
“satisficing” solutions. This paradigm has become instrumental 
in explaining decision-making behavior in complex, real-world 
contexts.

These theoret ical insights have signif icant implicat ions 
for HRM. For instance, representativeness bias may lead 
interviewers to overestimate candidates’ competencies based 
on superficial attributes such as appearance or speech patterns. 
Tversky et al. (1974) systematically categorized such heuristics, 
demonstrating that individuals often rely on intuitive judgments 
rather than probabil ist ic reasoning. Similarly, availability 
bias, wherein salient memories disproportionately inf luence 
evaluations, can distort hiring decisions. Olian et al. (1991) 
observed that even experienced interviewers are susceptible to 
non-verbal cues and implicit biases, which can undermine their 
objectivity.

Gigerenzer (2018) offered a counter-perspective, arguing 
that heuristics may function as adaptive tools in uncertain 
environments, challenging the notion that cognitive biases are 
inherently irrational.

2.2	 Human-AI Collaboration: Ethical Considerations and 
Complementarity

AI’s capacity for large-scale data analysis enables the 
identification of cognitive biases and enhances decision-making 
objectivity, thereby offering a potential remedy to bounded 
rationality (Selbst et al., 2018). Nonetheless, AI systems may 
internalize and perpetuate biases present in historical data 
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(Hall et al., 2022). Zowghi and Bano (2024) caution against the 
inadvertent marginalization of individuals or groups through 
algorithmic processes.

Consequently, ethical concerns such as bias amplification and 
algorithmic opacity necessitate vigilant human oversight. The 
final responsibility for decisions must remain with human agents. 
Hybrid decision-making models that integrate AI and human 
judgment are thus essential for effective HRM.

3.	 Case Studies in HR Analytics

HRM represents a domain in which human-AI collaboration 
has achieved notable progress. HR analytics, as defined by Fitz-enz 
(2010) and Marler & Boudreau (2017), involves the application of 
data-driven methodologies to support HR decision-making, with 
AI significantly enhancing its capabilities.

3.1	Mitigating Bias and Enhancing Efficiency in Recruitment
AI contr ibutes to both the eff iciency and fa irness of 

recruitment processes. Rukadikar et al. (2025) highlight the utility 
of AI-driven tools such as resume screening and chatbot-based 
preliminary interviews in saving time and cost while enhancing 
objectivity.
　•	 SoftBank: Implemented AI systems to reduce video 

interview screening time by approximately 70%. A hybrid 
model is employed in which AI determines qualification 
thresholds, while final decisions are made by HR personnel.

　•	 Unilever: Utilizes game-based assessments from Pymetrics 
and AI video analysis from HireVue to eliminate biases 
associated with educational and professional backgrounds, 
thereby facilitating the identification of diverse talent.
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	 These cases underscore the role of AI as a complement to 
human judgment, enabling more equitable and efficient 
recruitment practices.

3.2	 Contributions to Talent Development and Employee 
Engagement

AI is increasingly employed in post-recruitment contexts, 
including talent development and employee engagement.
　•	 Coca-Cola: Deploys the Eightfold AI platform to 

recommend career paths and learning opportunities based 
on employee skill profiles. AI chatbots automate routine 
inquiries, providing continuous support and enhancing 
psychological safety. This application exemplifies how AI 
can assist in overcoming bounded rationality by guiding 
employees through complex decision landscapes.

　•	 Organizational Sound Checks: Maltseva (2023) notes that 
career consultation chatbots can effectively capture latent 
employee sentiments. Organizations such as Airbnb and 
GE utilize chatbots to analyze emotional states in real time, 
facilitating early problem detection. 

	 The author hypothesizes that this mechanism parallels the 
allegory of “The King’s Ears Are Donkey’s Ears,” wherein 
AI provides a secure space for anonymous disclosure, 
yielding valuable insights into organizational health.

3.3	 Ethical Challenges and the Role of Human Oversight
AI deployment entails signif icant ethical considerations 

(Zowghi & Bano, 2024), including the risk of opaque decision-
making and bias reinforcement. To address these concerns, 
frameworks such as Explainable AI (Garcia et al., 2025) are 
essential for ensuring transparency and interpretability.
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Ultimately, the concept of dual dynamics—integrating AI’s 
analytical rigor with human ethical sensibilities—is indispensable. 
While AI enhances objectivity and efficiency, human oversight 
remains critical for ethical governance.

4.	 Conclusion and Future Directions

This study has examined how human-AI collaboration may 
address the challenges posed by cognitive bias and bounded 
rationality in HRM. AI offers objective data and operational 
efficiency, complementing human judgment.

The transformative potential of AI in HRM hinges not merely 
on technological adoption, but on the co-evolution of human and 
artificial agents—leveraging mutual strengths and compensating 
for respect ive l imitat ions. The dual dynamics approach 
proposed in this paper is posited as essential for the realization of 
sustainable organizations and societies.

Future research should investigate methods for enhancing AI’s 
capacity to interpret complex emotional and contextual cues, as 
well as mechanisms for fostering human understanding and trust 
in AI decision-making processes.
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Table 3.1: Comparison of learning environment system for face-to-face classes and online classes 

 Face-to-face class in 2019 Online class in 2020 
Learning 
environment 
system/function 

1) Learning Management 
System (LMS) 

1) LMS 
2) Web conferencing system for lectures 
3) Online whiteboard function for group 
work exercises 

Teaching materials 1) Digital lecture materials 
(PDF) 
2) Paper worksheet for group 
work 

1) Digital lecture materials (PDF) 
2) Digital worksheet for group work by 
using the online whiteboard function 

Learning support/ 
questions and 
answers 

Before and after class: 
1) Function of questions and 
answers by LMS 
 
 
During group work exercises 
in the classroom: 
2) Q & A by face-to-face 
communicating with a 
Teaching Assistant (TA)  

Before and after class: 
1) Function of questions and answers by 
LMS 
2) Automatic questions and answers with 
an AI chatbot system 
During online group work exercises: 
3) Q & A by online communicating/chat 
function with TA using a web 
conferencing system 
 

 
The above-mentioned curriculum of “Global Product Strategy II” was applied to 2nd to 4th year 

undergraduate students, especially in remote online classes in fiscal year 2020. Most Japanese 
educational institutions adopted online classes as a countermeasure against COVID-19 in 2020. 
Therefore, from 2020, we slowly started to take up the challenge of conducting online classes in this 
course as well.  

First, the “Learning Management System (LMS)” with complementary functions made it 
possible to realize the following aspects: management of digital teaching materials (registration and 
distribution of teaching materials), attendance management of learners, assignment report 
management submitted by each team/group. As a result, “remote on-demand learning” could be 
implemented at a learning pace suited to each team/group. 

Next, Microsoft “Teams” as a tool for web conferencing was selected to carry out “synchronous 
online communication”. By utilizing Teams, the instructor conducted distance lectures for all 
learners at the beginning of each lesson. After that, group work exercises were possible by dividing 
the learners into teams/groups. A special reason for choosing Teams was that the “online whiteboard 
function” allows group members to co-create report assignments. 
   Finally, as a first step in the research and development of future AI learning management systems, 
IBM's Watson was utilized to implement an “AI chatbot system” for all learners to automatically 
respond to questions and answers. 
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